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I keep coming back to a simple, 
uncomfortable question I get 
from other CEOs: “Does this 
agentic AI stuff actually work, 
beyond the demos?” There’s no 
clean yes-or-no answer, and 
that’s exactly why this conversa-
tion matters in 2026. The tech-
nology is real. The pilots are im-
pressive. But the gap between 
what we see in controlled envi-
ronments and what shows up  
in production is still far too wide. 

Over the past year, I’ve watched the same pat-
tern repeat. Boards lean in, budgets get ap-
proved, teams assemble impressive stacks of 
models and tools. Twelve months later, the story 
is familiar. Great proof-of-concepts, thin busi-
ness impact. On top, obviously, growing fatigue.  
 
The problem isn’t that the agents aren’t “smart” 
enough. It’s that we’re asking them to operate in 
organizations that don’t actually understand 
their own operations well enough to tell an agent 
what “good” looks like. 

It is my firm belief most enterprises are solving for 
the wrong problem. They’re obsessing over 
model choices and architecture, assuming oper-
ational readiness will emerge along the way. It 
doesn’t. You can’t drop an agent into a process 
you only half-understand and expect it to quietly 
untangle decades of complexity. That’s how you 
end up with expensive pilots that never reach 
production, technical wins that don’t create busi-
ness impact and teams that are tired of AI before 
the real value even shows up. 

What’s become obvious to me is also something 
else. The organizations that will win with agentic 
AI aren’t the ones with the shiny models. They’re 
the ones that have done the hardest, least glam-
orous work of understanding how their business 
actually runs. Process intelligence isn’t a nice-to-
have here; it’s the foundation. It’s the difference 
between asking an agent to navigate a map of 
your operations versus asking it to improvise in 
the dark and hoping for the best.  
 

 

The real opportunity over the next 12-18 months 
is not in running more pilots. It’s in treating 
agentic AI as capital allocation and process 
redesign, not as a technology experiment. That 
means making deliberate bets on where 
agents can change cycle times, decision qual-
ity, and cost-to-serve in ways that compound 
over time. It means building the semantic 
models of your business that no vendor can 
ship in a box, and that your competitors can’t 
easily copy once you have them. 

This whitepaper is written for leaders who are 
ready to make that shift. It doesn’t try to convince 
you that agentic AI is real. If you are reading this, 
you’ve seen enough to know that already. In-
stead, it focuses on the work underneath: how to 
ground agents in operational truth, where to fo-
cus first, and what separates the few organiza-
tions that turn pilots into production value from 
the many that don’t.  

The window is open right now. The only real  
decision is whether you use 2026 to build that 
foundation, or to watch others do it. 

— 
Adam Bujak 
CEO and Co-Founder, KYP.ai
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01. The Agentic Inflection Point
The 2026-2028 Opportunity Window
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Ninety-five percent of organiza-
tions deploying enterprise AI fail 
to deliver measurable business 
value after 12+ months.1 This sta-
tistic from MIT’s landmark study 
has become the single most 
quoted AI-related figure over 
the past year - and for good 
reason. It captures a truth exec-
utives are living every day: 
widespread deployment with 
vanishingly rare returns.  

McKinsey’s recent survey reinforces this pattern 
from another angle: while 88% of companies 
now use AI in some capacity, meaningful 
bottom-line transformation remains rare. The 
survey identifies just 6% of respondents as “AI 
high performers” - organizations achieving 5% 
or more EBIT improvement and reporting sig-
nificant qualitative value from AI.2
 
Every week brings another viral demo: agents 
“breaking through” customer service barriers 
by resolving 80% of inquiries without human 
touch, “killing strategic consulting” with auton-
omous analysis and recommendations, “revo-
lutionizing” procurement by cutting approval 
cycles from days to seconds. Your LinkedIn feed 
says this changes everything. Your board asks 
why you’re not moving faster. The hype curve is 
steep - and deceptive. 

This pattern has a name: Amara’s Law, an ob-
servation from futurist Roy Amara in the late 
1970s. The law describes how we routinely over-
estimate what new technologies can achieve 
in the short term, and underestimate the scale 
of their long-term impact. Today’s viral demos 
are a textbook example. Impressive pilots on 
clean data with narrow use cases, fueling in-
flated expectations across every executive 
suite. The overestimation visible in the hype 
gives way to underperformance in practice. 
The gap between what’s promised and what’s 
delivered keeps widening. 

The second half of Amara’s Law offers the coun-
terweight to today’s disappointment: we’re 
also underestimating the long-term transfor-
mation these systems will drive. Agentic 
AI will reshape operations, decision-making, 
and competitive dynamics over the next 2-5 
years. The technology is real. The promise is real. 

The real problem isn’t necessarily technical 
capability. It’s operational infrastructure. The 
gap between what works in a demo and what 
works in production. Organizations that bridge 
this divide early - that build the foundational 
infrastructure to move agents from lab to en-
terprise scale - will capture the compounding 
advantages Amara predicted. Those that don’t 
will spend years trapped in the overestimation 
phase, funding pilots that never escape con-
trolled environments.  

If you’ve launched an agentic AI pilot in the last 18 
months and are struggling to scale, you’re watch-
ing this divergence happen in real time. This 
chapter explains exactly why you might be stuck - 
and what separates the ones  pulling ahead from 
the 95% still searching for signs of ROI. 
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—
What Is “Agentic AI” Really?

“Agent washing” describes the widespread practice of rebranding 
basic automation tools - chatbots that only provide advice, RPA 
systems executing pre-programmed sequences, or workflow 
platforms following rigid logic - as “agentic AI” when they lack true 
autonomous capabilities. Real AI agents operate independently 
without constant human prompting, plan multi-step actions 
toward goals, and adapt strategies based on context - capabilities 
absent in most products carrying the “agent” label today.

Most deployments today cluster in the “agent-ish”  
middle ground, rebranded automation with AI features. 

Agentic AI refers to systems capable of autonomous reasoning, 
goal-setting, and adaptive decision-making – not just executing 
predefined tasks, but determining what tasks to execute and how  
to achieve objectives. Most systems marketed as “Agentic AI” don’t meet 
this definition. They exist on a spectrum of increasing independence: 

Deterministic 
Automation
 
Rule-based workflows 
that execute pre-
defined steps with no 
deviation (traditional 
RPA, BPM engines, 
scripted workflows).
If-then logic; fails when 
encountering  exceptions.

Intelligent 
Automation
 
Enhanced automation 
where machine learn-
ing capabilities (NLP, 
computer vision, pre-
dictive models) im-
prove decision quality 
within pre-mapped 
workflows, but cannot 
autonomously change 
the process.

AI 
Agents
 
Autonomous task exec-
utors with adaptive ca-
pabilities that can plan 
multi-step actions, han-
dle exceptions, and 
make tactical decisions 
without human inter-
vention within a de-
fined domain. 

Agentic  
AI
 
Multi-agent systems 
that orchestrate across 
domains, set strategic 
goals, dynamically al-
locate work between 
agents, and learn from 
outcomes to optimize 
future performance. 

Rigid & rule-bound 
Predictable & static 
Human-dependent

Adaptive & self-learning 
Goal-directed 

Self-coordinating



7 CHAPTER 01 TH E AG E NTI C I N F LEC TI O N P O I NT

What have we learned from watching this di-
vide unfold? The gap between organizations 
positioned to capture real value from agentic 
AI and those burning budget on pilots isn’t 
about having the latest model or the most so-
phisticated AI infrastructure. It’s about underly-
ing operational readiness. 

The companies breaking away from the pack 
have built process foundations that make 
agents actually work in production - in the 
messy reality of enterprise operations. This 
readiness is what separates genuine experi-
mentation from enterprise-scale execution. 
And these aren’t incremental advantages you 
can patch in later. They’re structural fault lines 
that determine whether agentic AI compounds 
value over time or compounds something else 
entirely: technical debt, implementation fa-
tigue, and C-suite frustration. 

Process intelligence vs. Process ambiguity  

Winners possess deep, data-driven visibility into 
how work actually flows through their organiza-
tions. Not how it’s documented in outdated pro-
cess maps, but how it executes in reality. They 
understand workflow variants, decision points, 
bottlenecks, and interdependencies. Laggards 
operate with static assumptions and can’t ar-
chitect agents that fit actual operations. 82% 
lack the AI-readiness of enterprise data that 
prevents them from ensuring high data quality 
for training and operating AI agents.3 

Workflow redesign vs. Bolt-on automation  

Winners redesign processes from the ground 
up, fundamentally changing what humans de-
cide and when. Organizations that reinvent 
workflows around agent autonomy achieve 
60-90% faster cycle times and can automate 

up to 80% of routine decisions - versus the 
5-10% speedups that come from simply bolting 
AI onto existing steps. Those who stop at 
task-level automation plateau at 20-40% gains, 
while process-reinvention leaders unlock 
transformative improvements exceeding 60%.4 

Business outcome measurement  
vs. Technical metrics

Winners instrument their processes to connect 
task-level efficiency to enterprise outcomes - 
revenue per process cycle, cost per transac-
tion, customer satisfaction impact. They prove 
ROI, not just productivity. Laggards celebrate 
“tasks automated per day” without knowing if 
those tasks matter. This explains the discon-
nect. While many organizations report opera-
tional improvements, 60% struggle to realize 
material financial returns - achieving only neg-
ligible revenue growth and cost savings de-
spite significant capital deployment. In the end, 
it is efficiency that never reaches the P&L.5 

Governance and visibility vs. Black-box agents

Winners maintain audit trails showing why 
agents made specific decisions, mapping ev-
ery action to explicit business logic and com-
pliance constraints. They can explain, debug, 
and iterate rapidly. Laggards deploy opaque 
systems they can’t monitor. 45% of organiza-
tions cite lack of visibility as a barrier to scaling 
AI agents,6 and many experience unintended 
agent behaviors that violate policies despite 
appearing technically correct.

The winners build operational 
foundations before deploying 
agents.

—
Four Fault Lines Separating Winners  
from the Rest 
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The deployment wave is underway. Most of or-
ganizations are planning their first production 
agents right now. Not in some distant future, 
but within the next year or two. The timeline 
matters because early experience compounds. 
By mid-2026, organizations deploying today 
will have six months of operational learning. By 
late 2027, they’ll be iterating on second- and 
third-generation implementations while others 
still debate frameworks. 

The math is straightforward for those who 
move early. A $10B revenue company achieving 
5% EBIT improvement from agentic AI gener-
ates $500M in annual value. That performance 
gap -between organizations capturing that 
value and those still running pilots - doesn’t 
stay static. It widens as successful deploy-
ments fund further investment, attract better 
talent, and generate proprietary operational 
data that makes subsequent automation easier. 

Late entry carries real costs. Organizations 
starting deployments late face steeper and 
compressed learning curves with less room for 
error. They’re competing against rivals who’ve 
already built institutional knowledge about 
what works, developed internal expertise, and 
established operational patterns that make 
scaling more efficient. The ones currently 
achieving breakthrough results are building 
structural advantages that become harder to 
replicate over time. 

The core question for 2026 isn’t whether agen-
tic AI will transform operations. The adoption 
data makes that clear. The question is whether 
your organization will be learning by doing in 
2026, or learning from watching competitors 
pull ahead in 2027 and scrambling to catch up 
in 2028. That timing determines which side of 
the performance divide organizations occupy 
as the technology matures. 

—
2026-2028 as the Defining Window 

—
Why It Matters for C-Level Decision Makers
64% deploying AI Agents in the next 12-24 months

While only 17% of organizations have implemented some form of 
agentic AI to date, that picture is about to change dramatically. 
According to Gartner’s 2026 CIO and Technology Executive 
Survey, 64% of technology executives plan to deploy agentic AI 
within the next 12–24 months.7
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Contrary to popular belief, agents won’t figure 
out your operations on their own. They can’t. 
Unlike humans who learn through observation, 
mentorship, and years of institutional knowl-
edge, agents require explicit training on how 
work actually flows through your organization. 
Not the idealized process maps in your docu-
mentation, but the real execution patterns 
across systems, people, and all the informal 
workarounds that make things run. 

Consider a typical Global Business Services or-
ganization. The same process executed by 
thousands of people across multiple geogra-
phies, each using different (or differently con-
figured) legacy systems. Each team has devel-
oped its own shortcuts, exceptions, and 
detours around the official SOP (Standard Op-
erating Procedure). One location routes excep-
tions through email. Another uses Slack. A third 
has an undocumented escalation path to a 
specific manager who “just knows how to fix it.” 
If you think you can remember and document 
every variation, you’re mistaken. Even the most 
experienced process owners can’t hold this 
complexity in their heads. It’s humanly impos-
sible to see the full operational reality with-
out process intelligence - the ability to capture, 
analyze, and operationalize how work truly 
moves through your organization. 

There’s a way to dramatically increase your 
odds of successful, ROI-generating agentic AI 
deployment. Process intelligence emerges from 
industry research and early implementations as 
a key success factor. Not a nice-to-have, but a 
foundational requirement for high-yield out-
comes. Organizations that build this capability 
understand their processes deeply enough to: 

Identify where agents create 
genuine business value versus 
faster busywork 

Redesign workflows to leverage agent ca-
pabilities, not just automate existing steps 

Encode business logic explicitly so 
agents operate within defined guardrails 

Maintain visibility and governance as 
agents make autonomous decisions 

Measure impact continuously and iterate 
based on operational reality

In other words, process intelligence transforms 
agentic AI from a technology experiment into  
a business transformation capability. Without 
it, you’re asking agents to navigate operational 
complexity that humans themselves  
can’t fully comprehend. 

The future is agentic, but only for organizations 
that ground agents in process truth, not pro-
cess fiction. Chapter 2 examines exactly how 
process intelligence provides this grounding, 
connecting autonomous systems  
to operational reality. 

—
The Foundation Layer: 
Process Intelligence 

1
2

3
4
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Without being grounded in real operational data, their probabilistic nature cre-
ates a significant risk of ‘process hallucination’ - where they invent plausible but 
non-compliant, inefficient, or brand-damaging pathways. The differentiator be-
tween AI agents that scale and those trapped in “perpetual pilot mode” is not the 
agent’s intelligence, but the organization’s intelligence about the agent. Success 
is born from a robust governance framework established before deployment, not 
bolted on as an afterthought. Process intelligence provides this framework. 
 
— 
Noor Zehra Naqvi, 
Director of Product Management AI, Data and Analytics, SAP Signavio

AI agents are trained on vast but generic data, not the nuanced, enterprise-specific 
process context where real work happens. Without that grounding, they hallu-
cinate process steps or take incorrect actions. Embedding process context 
from actual user interaction data enables agents to understand how pro-
cesses are truly executed within the enterprise. This grounding allows AI 
agents to replicate human ways of working with precision and efficiency. 
 
— 
Santhosh Kumar,  
Practice Director, Everest Group

When models aren’t grounded in the reality of business processes and how work 
truly happens, they hallucinate efficiency. Process intelligence is the antidote to AI 
confusion. Grounding AI agents in real-time operational telemetry reduces 
false positives, sharpens predictions, and turns automation from experimen-
tal to indispensable.

— 
Todd P. Michaud,  
CEO, HuLoop Automation

Many AI transformations stall because enterprises deploy AI without under-
standing where inefficiencies hide, which problems matter, or how dark data 
distorts decisions. This becomes even more limiting as organizations move 
toward Agentic AI. The real competitive advantage will belong to enterprises 
that wield robust process intelligence to deploy Agentic AI with clarity, preci-
sion and strategic intent. 
 
— 
Krishna RS,  
Director & Practice Head - Operational Excellence & Process Discovery, Mindsprint 

—
Expert Point of View



—
02. The Grounding Imperative
Why Context Beats Compute
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There’s a seductive assumption 
spreading through enterprise 
boardrooms: deploy a sophisti-
cated language model pow-
ered with agentic capabilities, 
point it at your operations, and 
it will autonomously determine 
what to do. The belief manifests 
differently depending on who 
holds it, but the core premise 
remains the same: advanced  
AI agents require minimal busi-
ness context and will figure out 
the rest on their own. 

This optimism appears at three distinct organiza-
tional levels, each with its own flavor of overconfi-
dence. At the executive layer, there’s an assump-
tion that sophisticated models automatically 
translate into solved business problems - that 
algorithmic advancement is functionally equiv-
alent to operational readiness. Among technical 
teams, the belief takes a different form: engineer 

build agents with 20 to 30 tools, massive con-
text windows, and generic instructions, then wait 
for “emergent intelligence” to appear. And in the 
pilot culture now pervasive across enterprises, 
organizations deploy AI agents into legacy 
workflows designed for human constraints, ex-
pecting the technology to adapt rather than re-
designing the process itself. 

The belief persists because foundational mod-
els are genuinely impressive. They reason, 
summarize, and generate with fluency that 
feels almost magical. But there’s a chasm be-
tween what a model can do in a controlled en-
vironment and what it will do when dropped 
into the messy, ambiguous, politically charged 
reality of enterprise operations. Model capabil-
ity is not the same as operational capability. 
Conflating the two is costing organizations bil-
lions in pilot cycles that never reach production. 

The uncomfortable truth is this: “agents will fig-
ure it out” is expensive optimism. When enter-
prises audit failed agent deployments, they 
rarely discover algorithmic deficiencies. In-
stead, they find context failures: agents operat-
ing without the semantic understanding, busi-
ness rules, and operational constraints that 
humans apply intuitively but models cannot 
infer from data alone. 

—
“The Off-the-Shelf Illusion”

The promise is irresistible: deploy a pre-configured AI agent and watch 
it autonomously handle customer service, procurement, or IT opera-
tions. Vendors market these as turnkey solutions, and procurement 
teams love the narrative. No custom development. No months of in-
tegration work. Just plug, play, and transform. This is the off-the-shelf 
illusion, and it’s driving billions in misallocated AI investment. 

The appeal makes intuitive sense. Organizations assume that be-
cause these agents are built by sophisticated vendors and 
trained on massive datasets, they arrive pre-loaded with business 
intelligence. The logic follows a familiar pattern from enterprise 
software: if ERP can work out-of-the-box with configuration, at 
least to some extent, why can’t an AI agent?  



The answer is context. Enterprise software operates on structured 
data models with defined schemas, relationships, and business 
logic that vendors can standardize across industries. AI agents 
operate on semantic understanding - meaning that must be 
extracted from your specific workflows, your exception patterns, 
your tribal knowledge, and your organizational context. No vendor 
can package that. It’s not in their training data. It’s buried in your 
systems, your people, and your undocumented workarounds. 

The uncomfortable reality is that off-the-shelf agents are 
off-the-shelf only in their core capabilities: language 
processing, reasoning, tool use. The business capability - 
understanding your procure-to-pay process, your customer 
escalation matrix, your regional compliance variations - must be 
built. That’s not a vendor deliverable. It’s infrastructure work that 
requires explicit process discovery, definition, and governance. 

In other words, the evidence is unambiguous: 
“agents will figure it out” does not hold at enter-
prise scale. The failure isn’t anecdotal. Unfortu-
nately, it’s systematic, repeatable, and rooted in 
five fundamental misunderstandings about how 
AI agents operate in production environments. 

Misunderstanding Where  
Failures Occur 

Most AI agent failures are not model fail-
ures - they’re context failures. When en-
terprises audit failed deployments, they 
rarely find algorithmic deficiencies. In-
stead, they discover two patterns.  

The first is context pollution: teams dump 
entire documentation libraries, hundreds 
of tools, and bloated conversation histo-
ries into every request, causing decision 
paralysis rather than clarity. The second is 
insufficient prompt detail: missing edge 
case guidance, undefined escalation 
paths, and unstated business logic that 
humans apply intuitively but agents can-
not infer. A more capable model cannot 

compensate for poor context engineer-
ing. The problem isn’t algorithmic in its 
nature. It’s semantic.  

Ignoring the Tacit  
Knowledge Dimension 

AI agents without semantic business 
models consistently misinterpret tasks in 
ways that are “technically correct but or-
ganizationally unacceptable”. Most busi-
ness semantics live in human heads - 
tribal knowledge like “we always escalate 
German invoices over €50K to Berlin” - or 
in implicit workflows, exception patterns, 
and organizational context that’s never 
been formally documented. Agents don’t 
have access to this layer. They see data, 
not meaning. They understand field 
names and data types, but not why some 
$10K invoices take two days while others 
take 20, or that “pending approval” 
means different things in SAP versus Ora-
cle. This is the classic garbage-in, 
garbage-out problem, reborn in the age 
of large language models. 

—
Five Reasons the Belief Fails at Scale

1
2
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—
Garbage In, Garbage Out
The Classic Problem, Reborn 

“Garbage in, garbage out” isn’t just a data quality 
issue anymore. In the age of large language 
models, it’s a context quality crisis. Feed agents in-
complete business semantics, and they’ll gener-
ate outputs that are technically correct but orga-
nizationally catastrophic. 

Conflating Technical Capability  
with Business Capability  

A model that can reason is not the same as 
a model that understands your business. 
This conflation is pervasive. Language 
models trained on public data can write, 
summarize, and generate with impressive 
fluency, but they know nothing about your 
accounts, your customers, your workflows, 
or your exceptions. Technical capability - 
the ability to process natural language and 
generate coherent outputs - does not 
translate into business capability without 
explicit grounding in operational context. 
The chasm between the two is precisely 
where most enterprise pilots collapse. 

Treating Deployment as End-State  
Rather Than Beginning 

Organizations assume that launching an 
agent is the finish line, when in reality it’s 
the starting gate. Successful agent de-
ployments require ongoing governance, 
monitoring, and refinement processes 
that most enterprises haven’t built. With-
out continuous oversight, agents drift. 
They optimize for metrics that look good 
on dashboards but break in production, 
or they bypass governance guardrails 
because they lack access to decision 
thresholds and approval logic. The se-
mantic business model isn’t something 
agents learn over time; it’s infrastructure 
that must exist before deployment. 

Underestimating the Process  
Redesign Requirement 

Inserting agents into legacy workflows 
designed for human constraints produces 
only incremental gains. True agent value 
emerges when processes are reimagined 
end-to-end around agentic capabilities: 
parallel execution, dynamic adaptation, 
and autonomous orchestration. This is 
fundamentally different from automation. 
It’s also where the 70-20-10 rule becomes 
critical. BCG reinforces that 70% of effort 
should focus on people and processes, 
20% on technology and data, and only 10% 
on algorithms.1 Yet many organizations in-
vert this ratio, investing heavily in model 
sophistication while neglecting process 
understanding. The gap between suc-
cessful and failed deployments correlates 
directly to this imbalance. And it’s costing 
organizations billions in pilot cycles that 
never reach production. 

53

4
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—
The 70-20-10 Investment Rule 
More Relevant Than Ever

BCG research reinforces that successful AI deployments require 
the following distribution of both effort and resources:

Yet many organizations invert this ratio, investing heavily in model so-
phistication while neglecting process understanding. The gap between 
successful and failed deployments correlates directly to this imbalance. 

If the problem is context failure, the solution is 
grounding. But what does that actually mean? The 
term appears everywhere in enterprise AI discus-
sions, often with conflicting definitions. At its sim-
plest, grounding refers to “training or instruction in 
the fundamentals of a field of knowledge”2 - 
giving agents the foundational understanding they 
need to operate reliably. In enterprise settings, 
this translates to anchoring AI agents to com-
pany processes, data, and governance, ensuring 
every action is tied to a verified source or rule.

The Jargon That Doesn’t Matter (Much) 

Vendors and analysts keep inventing new labels 
- context engineering, semantic grounding, pro-
cess grounding, RAG, and more recently agen-
tic RAG. They all circle the same problem: agents 
fail when they lack business reality. Context en-
gineering is about deciding what information 
an agent sees and when. Semantic grounding 
is about making that information meaningful in 

business terms - roles, rules, entities, and rela-
tionships. Process grounding is about connecting 
those meanings to how work actually flows 
across systems and teams. RAG is simply one of 
the plumbing choices for getting data into the 
model. Finally, when RAG gives agents access to 
your data, agentic RAG gives them the ability to 
reason about which data matters, when to use 
it, and how to combine it with process logic.  

The naming is noisy; the underlying require-
ment is simple: without a clear, operational 
view of your processes, none of these tech-
niques deliver reliable agents. 

Why Process Intelligence Uniquely  
Enables Grounding 

While these systems and layers are necessary, 
they’re not sufficient. Process intelligence plat-
forms uniquely capture three dimensions that 
static documentation cannot.

—
What Agents Actually Need
The Grounding Imperative

10% 
on  
algorithms

20% 
on technology 
and data

70% 
on people  
and processes 
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—
What Is Grounding? 

From plain English to enterprise context:  
grounding begins as a simple idea...

Cambridge Dictionary  

“A knowledge of the basic facts about  
a particular subject.” 

Longman Dictionary  

“A training in the basic parts of a subject or skill.” 

Merriam-Webster 

“Training or instruction in the fundamentals of  
a field of knowledge.” 

In Enterprise AI 

“Anchoring agents to company processes, data,  
and governance - ensuring every action is tied  
to a verified source or rule.“

First, they reveal how work actually happens - 
not how idealized BPMN diagrams say it should 
happen, but the 47 variants of invoice process-
ing that exist in production.  

Second, they surface where exceptions and 
variations occur: the edge cases that break 
unprepared agents.  

Third, they expose how decisions are actually con-
strained in practice - not the documented policy, 
but the operational reality of what triggers escala-
tions, who gets bypassed, and where rules bend. 

This operational understanding is what 
grounds agents in reality, not just data.  

Semantic Understanding in Action 

Consider an agent tasked with optimizing in-
voice approval. Without process intelligence, 
the agent sees a database table: invoice re-
cords, approval timestamps, dollar amounts. 

It knows field names, data types, SQL schemas. 
But it doesn’t know why some $10K invoices 
take two days while others take 20. It doesn’t 
know that “pending approval” means different 
things in SAP versus Oracle, or that legal review 
is triggered by vendor country rather than in-
voice amount. Most critically, it doesn’t know 
that the real bottleneck is Joe in accounts pay-
able, who manually validates currency conver-
sions because the ERP system is unreliable. 

With process intelligence, the same agent sees 
the full operational graph: 23 process variants, 
four bottleneck activities, three rework loops. It 
knows which approval paths are policy-compliant 
versus shadow workarounds, where human 
judgment is required (contract disputes) ver-
sus automatable (PO match), and how external 
events like month-end close or audits change 
process behavior. Process intelligence gives 
agents the semantic context to reason about 
work, not just data. 
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The Semantic Business Model as Prerequisite 

Organizations often assume agents can learn 
business context from unstructured data over 
time. The opposite is true. Enterprises must first 
surface and codify their semantic business 
model - explicit and tacit knowledge about 
how decisions are made, what rules apply, and 
how roles interact - before expecting agents to 
operate reliably. Process intelligence captures 
unstructured information to extract tacit 
knowledge and make it explicit: process dis-
covery reveals actual process flows, variant 
analysis shows how work really happens, 

conformance checking exposes deviations 
from policy, and root cause analysis identifies 
why processes break. This is semantic ground-
ing: translating messy operational reality into 
structured, agent-readable context. 

Grounding reduces hallucinations not because 
it improves the model, but because it constrains 
the possibility space. Unrestricted models can 
generate any response. Grounded agents oper-
ate within a defined process space, with 
bounded information sources and explicit con-
straints. This is why grounding, not larger mod-
els, is the solution to enterprise AI reliability.

The path from AI pilots to production-ready 
agents isn’t a technology challenge - it’s an in-
frastructure challenge. Process intelligence en-
ables a three-step operational model that 
agents cannot complete alone. 

Discovery > Definition > Execution 

Discovery is where process intelligence 
identifies areas with improvement potential 
within workflows. It’s something agents cannot 
do without external analysis. This isn’t about 
mapping idealized processes from 
documentation; it’s about uncovering the 23 
variants of invoice approval that exist in 
production, the bottlenecks no one talks about 
in steering committee meetings, and the 
workarounds that employees have invented to 
compensate for broken systems. 
Definition follows discovery. Process intelli-
gence uncovers how problems are solved to-
day, generating clear work instructions and 
constraints for agents. This is where tacit 
knowledge becomes explicit: authorization hi-
erarchies, delegation rules, threshold limits, es-
calation triggers. It’s where organizations cod-
ify the semantic business model that agents 
require but cannot infer. 

Execution and monitoring close the loop. Pro-
cess intelligence overlays agent decisions with 
traditional process steps, maintaining gover-
nance and enabling agents to operate within 
bounds. Without this foundation, agents operate 
in a vacuum - no reference layer connecting in-

ternal data, no semantic understanding  
of how the business actually works. 

Process Redesign,  
Not Task Automation 

This framework matters because enterprise AI 
requires process redesign, not task automa-
tion. Inserting agents into legacy workflows de-
signed for human constraints produces only 
incremental gains. True agent value emerges 
when processes are reimagined end-to-end 
around agentic capabilities: parallel execution, 
dynamic adaptation, autonomous orchestra-
tion. This is fundamentally different from auto-
mation - and it demands methodological rigor. 

Process intelligence enables the systematic 
decomposition of complex roles into 
agent-suitable tasks. It breaks work down from 
entire job functions to discrete, automatable 
activities. This hierarchical approach (explored 
in detail in Chapter 4) reveals not just what 
tasks exist, but how they connect, where they 
break, and why they matter. Without this oper-
ational visibility, organizations struggle to de-
termine which tasks are genuinely automat-
able versus those requiring human judgment, 
which handoffs create bottlenecks, and which 
process variants exist only because of legacy 
system constraints. 

—
The Path Forward
Infrastructure Before Innovation
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Grounding Infrastructure 
as Competitive Moat 

Organizations that succeed treat agent de-
ployment as business transformation, not 
technology insertion. They approach it as pro-
cess redesign requiring 70% organizational fo-
cus on people and processes, not a narrow 10% 
focus on algorithms. Most importantly, they 
recognize grounding infrastructure as a com-
petitive moat: semantic models are reusable, 
self-reinforcing, and non-replicable. 

Organizations that fail treat agent deployment 
as model deployment, expecting “emergence” of 
business understanding. They pursue task auto-
mation within legacy workflows rather than re-
designing processes. They frame it as an IT proj-
ect rather than a CEO-sponsored transformation 

The divide between these approaches is stark, 
and it’s measurable. The gap between suc-
cessful and failed deployments correlates di-
rectly to investment in process understanding, 
not model sophistication. This is why process 
intelligence isn’t a “nice to have”. It’s what sep-
arates pilots that scale from those that stall. 

The Strategic Implication 

Process intelligence makes the business under-
standable to agents: it discovers what’s possible, 
defines what’s optimal, and governs what’s al-
lowed. Without it, even the most advanced mod-
els are operating blind. As Oracle’s Larry Ellison 
observed, AI models trained on publicly available 
data teach agents to speak, but reaching peak 
value requires making privately owned opera-
tional data available to those models. That pri-
vate data  - invisible to competitors, never 
scraped by LLMs, containing operational context 
that generic models will never understand – 
become the ultimate competitive advantage. 

The question isn’t whether your organization 
will deploy AI agents. The question is whether 
your agents will learn from generic knowledge 
bases or from the workflows that actually  
run your business. 

That distinction -  between agents that can 
automate and agents that know what to auto-
mate, how to do it in your specific environment, 
and why it matters to ROI - is grounding. 
Speaking of ROI, Chapter 3 answers the next 
question: what’s actually worth automating?

—
Public Data Teaches AI to Speak 
Private Data Teaches It to Win 

“AI models are trained on publicly available data...  
But for these models to reach their peak value,  
you need to make private, privately owned data 
available to those models as well.”  

— 
Larry Ellison  
CEO, Oracle 
Oracle AI World 2025 Keynote (October 14, 2025)

Why it matters? Your private operational data - invisible to competitors,  
never scraped by LLMs - contains the operational context that generic  
models will never understand. This is where competitive advantage lives. 
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—
From Process Discovery to Agent Code   

Hanro Maree, Senior Customer Success Manager 
at KYP.ai, has recently demonstrated the end-to-end 
process - from process discovery through to con-
text generation and agent build in UiPath Studio - in 
the invoice processing use-case video. 
It showcases the use of KYP.ai Concierge. It acts as a 
conversational interface to your operations, letting you 
“talk to your data” instead of wrestling with dashboards. 

The same pattern applies across agentic vendors: from n8n and Camunda to 
SAP Build and Salesforce. KYP.ai prevents “agentic sprawl” by grounding every 
agent in operational reality.

How it works?  
1. Process overview and discovery.  
Concierge analyzes real user activity and system 
logs to map your process end-to-end - variants, 
volumes, time spent, and handoffs - so you see 
how work actually flows, not how it’s supposed to.  

2. High-yield agentic opportunities Identifications.  
On top of this “process truth,” it highlights key 
agentic AI opportunities where automation will 
materially move cost, throughput, or experience, 
rather than just creating faster busywork.  

3. Agent context generation. 
Concierge transforms those findings into struc-
tured business context - applications involved, 
data sources, triggers, guardrails, action details, 
and agent code stubs - that can be used as direct 
input to agentic AI platforms.

4. Building agents grounded in your stack.  
In this example, that context is pasted into UiPath Stu-
dio’s text-to-agent builder to generate a fully structured 
agent without manually designing every flow step.

https://www.linkedin.com/feed/update/urn:li:activity:7378723335800524800
https://www.linkedin.com/feed/update/urn:li:activity:7378723335800524800
https://www.linkedin.com/feed/update/urn:li:activity:7378723335800524800
https://www.linkedin.com/feed/update/urn:li:activity:7378723335800524800
https://www.linkedin.com/feed/update/urn:li:activity:7378723335800524800
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LLMs hallucinate. A lot. In enterprise deployment, if the model doesn’t know 
something, it has to say ‘I don’t know’ instead of extrapolating from similar 
data. This is huge. You could build agents for Finance, Sales, or IT. Now, you have 
to make sure that when the tool doesn’t have the answer grounded in your ac-
tual processes and ways of working, it escalates to a real person. Without that 
kind of grounding, you’re just automating guesswork.  
 
— 
Andrzej Kinastowski , 
Head of Delivery, Managing Partner, Office Samurai

Agentic AI, which is the deployment of AI Agents in real world environment, is 
built on 3 core layers.  The domain layer defines “what it knows” and “how it can 
act”, the structural layer defines “how this knowledge is applied in real-world” 
and the execution layer ensures to achieve consistent, safe, and goal-aligned 
outcomes. Process intelligence is the glue across the three layers that keeps 
everything coherent, predictable, and optimized. 
 
— 
Suresh Chettur, 
Head of Intelligent Automation CoE, Mindsprint 

Most socalled enterprise AI is just another copilot bolted onto a single app. 
What actually changes outcomes is when AI sees how work flows across all 
processes, systems and teams. Once you ground agents in that real opera-
tional picture, they stop being demo toys and start becoming assets that un-
derstands your organization better than any individual manager.  
 
— 
Miroslaw Bartecki, 
Co-Founder & CTO, KYP.ai

I often feel that with AI agents, we’re offering a huge hammer but not thinking 
enough about the nails or what we actually need to hang on the wall. In other 
words, we have a seemingly powerful instrument, but it’s only as effective as 
the infrastructure we build around it. You need deep process understanding to 
instruct agents and give them a reliable operational foundation. 
 
— 
Eduard Shlepetskyy, 
CEO,  ECTIVE Automation 

—
Expert Point of View



—
03. What Can/Should Be Automated
Choosing for ROI, Not Merely Capability
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Automation and AI agents have never been more 
capable, yet most organizations struggle to con-
vert technical prowess into business impact. De-
spite 98% of companies experimenting with AI, only 
26% have advanced beyond proof-of-concept to 
generate measurable value .1 The gap between 
activity and results is widening: enterprises have 
collectively invested $2.6 billion across 1,200 AI use 
cases - averaging $1.3 million per initiative - yet 
only one in four meets revenue expectations, and 
just half deliver on promised efficiency gains.2 
The issue is not whether automation works. The is-
sue is that many organizations treat it as a tech-
nology experiment rather than what it funda-
mentally is: a capital allocation decision. 

The constraint has shifted. With large language 
models and agentic AI, the technical barrier to 
“build a bot” or “spin up an agent” has dropped 
dramatically. What was once a scarce engineering 

skill - the ability to automate - has become com-
modity capability. The new scarcity is judgment: 
knowing what should be automated, not just 
what can be. This distinction matters enormously.

The companies that win in this 
next wave are not those that 
automate the most, but those 
that choose ruthlessly well what 
to automate, fund those 
choices like investment assets, 
and manage the ongoing 
economics with the same 
discipline they apply to product 
portfolios or capital projects.  

 
 
 
 
 

 
 
 
 

—
Automation as Capital Allocation,  
Not Digital Theater

—
The Perception-Reality Gap
What Executives Believe vs. What Data Shows  

A 2025 IBM survey found 66% of EMEA leaders claim AI has delivered  
significant productivity gains, with 92% confident in future ROI.3 

Yet ISG’s empirical analysis of 1,200 use cases reveals a starkly different  
reality: only 31% reached production, and 75% missed revenue targets.4 

The gap between perceived success and actual outcomes suggests 
many executives are measuring enthusiasm rather than results 
- confusing activity with impact. 
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From Vanity Metrics  
to Automation P&L  

Most automation programs are still measured 
by the wrong things: number of bots deployed, 
processes “touched,” pilot completions. These 
are vanity metrics. They create the illusion of 
progress while masking a harder truth. Head-
count stays flat, cycle times barely move, and 
CFOs see technology spend rise without corre-
sponding P&L relief. Reframing automation as 
a micro P&L changes the conversation entirely. 

On the value side, automation should deliver 
recurring savings, revenue uplift, risk reduction, 
cycle-time compression, or measurable im-
provements to customer experience. On 
the cost side, the real expense is not the initial 
build. It’s the total cost of ownership over three 
to five years: ongoing maintenance, gover-
nance, model retraining, process change 
management, exception handling, and the or-
ganizational capacity consumed by managing 
agents as they evolve.  

When 66% of organizations struggle to estab-
lish ROI on identified automation opportunities, 
and 59% struggle to prioritize effectively, the 
root cause is clear: they lack a framework to 
evaluate automation like any other capital in-
vestment: with expected return, risk profile, and 
realistic ongoing costs.5

Portfolio Logic Over Project Logic

The enterprises generating outsized value from 
automation think in portfolios, not projects. 
BCG research shows that AI leaders invest 
twice as much budget (10.1% vs. 5.0% of reve-
nue) and allocate double the people (9.1% vs. 
4.6% of FTEs) to AI and automation compared 
to followers. Yet leaders don’t pursue more op-
portunities. On the contrary, they pursue fewer, 
better opportunities with concentrated invest-
ment and clear accountability. The result: 50% 
higher revenue growth, 60% higher total share-
holder return, and 40% higher return on in-
vested capital.6

This is portfolio discipline in action. Instead of 
“one more pilot,” the question becomes: 

Given a fixed envelope of 
capital and organizational 
change capacity, which 10 to 20 
processes deliver the best 
risk-adjusted impact on EBIT, 
cash flow, or strategic KPIs? 

This reframe forces hard choices. It requires 
killing low-impact experiments to fund 
high-impact scale initiatives. It demands 
named P&L owners, hard targets, and quarterly 
kill-or-scale reviews. It treats automation not 
as a badge of digital transformation, but as a 
lever for competitive advantage - one that re-
quires the same rigor as M&A, product devel-
opment, or geographic expansion. 

The paradox of automation is that technical 
feasibility has become abundant just as orga-
nizational discipline has become scarce. The 
next section explores why this pattern is so fa-
miliar, and even more importantly, why enter-
prises cannot afford to repeat the mistakes of 
RPA at the scale and speed of agentic AI.
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History rarely repeats exactly, but it often 
rhymes. The pattern unfolding with agentic AI 
bears an uncomfortable resemblance to the 
Robotic Process Automation (RPA) wave of the 
late 2010s. RPA did not fail because automation 
is a bad idea. It failed in predictable ways as: 

	→ enterprises prioritized technical feasibility 
over strategic discipline, 

	→ scripts were built before processes were 
understood, 

	→ bots were deployed as one-off projects in-
stead of products with lifecycles 

	→ success was measured by “what looks au-
tomatable” rather than “what moves the P&L.”  

The result was automation sprawl: hundreds of 
fragmented bots across business units, no 
shared infrastructure, ballooning maintenance 
costs, and minimal impact on the metrics CFOs 
actually care about. 

The stakes are higher now. Agentic AI is more 
powerful than RPA. It’s capable of reasoning, 
judgment, and semi-autonomous decision-making 
across unstructured contexts. This power makes 
it transformative in the right hands. It also makes 
it dangerous when deployed without discipline.  

A brittle RPA script breaks quietly and stops 
processing; a semi-autonomous agent making 
decisions on messy data can create faster and 
larger-scale errors, propagating bad out-
comes through downstream systems before 
anyone notices. The lessons from RPA are not 
historical curiosities. They are a roadmap of 
failure patterns that enterprises must actively 
avoid as they scale agentic automation. 

Six Failure Patterns 
That Still Matter

Automating  
unstable processes. 

The most common RPA failure was script-
ing bots on top of processes that were 
themselves moving targets. UIs that 

changed monthly, regulations that shifted 
quarterly, business rules that lived only in 
people’s heads. When the underlying pro-
cess changed, bots broke. What was sold 
as a “quick win” became a long-term 
maintenance burden, consuming CoE ca-
pacity just to keep existing automations 
running. The lesson: processes undergo-
ing major change - organizational rede-
signs, system migrations, regulatory over-
hauls - are poor automation candidates. 
Agents can handle variability within their 
design scope, but they cannot self-modify 
for fundamental process change. Auto-
mating moving targets guarantees con-
stant rework and ROI erosion.

Local optimization versus  
end-to-end value. 

Many RPA programs automated tiny slices 
of workflows - copying values between sys-
tems, filling forms, triggering notifications - 
saving individual users minutes per trans-
action. But these micro-efficiencies rarely 
removed end-to-end bottlenecks. Cycle 
times barely moved. Headcount stayed flat 
because the bottleneck simply shifted 
elsewhere. CFOs approved automation 
budgets expecting material cost takeout 
and saw instead marginal time savings 
scattered across the organization. The dif-
ference between automating a step and 
improving a process is the difference be-
tween activity and impact.

Without end-to-end process 
visibility, organizations automate 
the visible, not the valuable.

Underestimating  
the maintenance tax. 

The most damaging myth of RPA was that 
automation is a capital expense - build 
once, benefit forever. The reality proved op-
posite: the bulk of lifetime cost came after 
go-live. Bug fixes when source systems 
changed. Updates when business rules 
evolved. Exception handling when edge 

—
The RPA Cautionary Tale -  
Lessons for Agentic AI

1

2

3
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cases appeared. Application upgrades 
breaking integrations. The “60% maintenance 
burden” became a painful industry norm, 
where organizations spent more maintain-
ing existing automations than building 
new ones. Agentic AI introduces new 
maintenance dimensions: model drift as 
data and behavior patterns evolve, 
prompt and policy refinement as busi-
nesses learn what “good” behavior looks 
like, and continuous monitoring for halluci-
nations, bias, and security exposures. 
Without FinOps-style discipline for agents, 
organizations risk repeating the cloud 
sprawl experience - growing value along-
side unpredictable bills.7

“Pilot everywhere”  
without scale thinking. 

Business units launched their own auto-
mation initiatives: different vendors, differ-
ent standards, different governance mod-
els. Each pilot looked successful in 
isolation. Together, they created automa-
tion sprawl: no shared components, no re-
usable templates, no enterprise view of 
what was automated or why. High unit 
costs persisted because every automation 
was custom. The opportunity cost was 
staggering - scarce expert time (SMEs, IT, 
risk, data) consumed by dozens of small 
experiments instead of concentrated on a 
few transformative bets. When 56% of or-
ganizations struggle to make a business 
case for scaling initiatives, the root cause 
is often that they never designed for scale 
in the first place.8

Ignoring process variation  
and exceptions. 

RPA worked beautifully in the “happy 
path” - the 60-80% of cases where ev-
erything proceeds as designed. 
Real-world processes, however, contain 
hundreds of variants (six different ways 
teams do “the same” process across re-
gions or business units) and messy ex-
ceptions that fall outside standard rules. 
RPA simply failed on these cases, shifting 
work from process execution to firefight-
ing what the bots couldn’t handle. 
Agents can reason through exceptions 
better than RPA scripts, but unmapped 
exceptions mean organizations cannot 
design proper guardrails. An agent mak-
ing wrong decisions on edge cases - and 
continuing confidently without breaking 
- is even worse than a bot that stops and 
raises an error.  

Silent failures create downstream 
damage and compliance risk. 

No operating model  
for Day 2. 

Ownership questions define whether agents 
create value or technical debt: Who owns 
them after deployment, who funds mainte-
nance, who approves changes as needs 
evolve? Without clear answers, they drift be-
tween IT, CoEs, and business units, with fin-
ger‑pointing instead of accountability. 
Agents are not self‑managing. They need 
named owners, ongoing funding, evolution 
plans, and clear accountability. Treating 
agents as products with lifecycles - as op-
posed to projects with end dates - is what 
separates sustainable automation from 
shadow IT and unfunded technical debt.

 

The Agentic Amplification Risk 

These six patterns are not just theoretical warn-
ings. They represent empirical patterns from 
thousands of RPA implementations. It must be 
emphasized that agentic AI amplifies both the 
upside and the downside of automation. Where 
RPA saved minutes on deterministic tasks, 
agents can save hours on judgment-intensive 
work. Where RPA broke visibly and stopped, 
agents may continue operating with degraded 
accuracy, creating plausible but incorrect out-
puts that flow downstream to customers, regula-
tors, or financial systems. The damage potential 
scales with the autonomy granted. 

The organizations that avoid repeating RPA’s 
mistakes will not be those with the most sophisti-
cated AI models. They will be those with the most 
disciplined process understanding, the clearest 
governance, and the most realistic view of total 
cost of ownership. The question remains, how to 
make those judgments systematically?

6

4

5
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The question is no longer “Can we automate this 
process?” The answer is almost always yes. With 
agentic AI, even complex, judgment-heavy work 
can be partially or fully automated. The meaningful 
question is “Should we automate this process - and 
if so, how?” That question requires a framework 
executives can use in steering committees and 
board discussions, not just in CoE spreadsheets. 
The framework must balance three dimensions: 

	→ the potential impact on business outcomes,  

	→ the readiness of the process and organiza-
tion to absorb automation,  

	→ and the risk profile of getting it wrong.

Three Dimensions  
for Systematic Assessment 

The purpose of automation is not to reduce head-
count in the abstract. It is to improve specific busi-
ness outcomes that executives are accountable 
for. Does automating this process reduce cost in a 
line item that matters? Does it unlock revenue 
growth by accelerating sales cycles or improving 
conversion rates? Does it compress cycle time in 
a bottleneck function like underwriting, claims 
processing, or order fulfillment? Is labor concen-
trated here - either many FTEs performing repeti-
tive work, or scarce, expensive experts whose time 
should be redirected to higher-value judgment? 
How often does the process run, and at what vol-
ume? A process that touches ten transactions per 
day, no matter how elegant the automation, will 
never justify the investment compared to one that 
processes ten thousand. Impact is not about el-
egance or technical impressiveness - it is about 
which automations move the numbers that 
CFOs, boards, and investors scrutinize.  

Readiness: Can we automate this process  
today without heroic effort?  

Feasibility has three sub-dimensions: techni-
cal, process, and organizational.  

On the technical side, is the process observable 
through system logs, desktop telemetry, or work-
flow data - or does it happen in invisible ways 
that make baseline measurement impossible? 

Are the underlying systems accessible via APIs, 
events, or at least stable user interfaces? Is the 
data of sufficient quality and completeness for 
an AI agent to act safely, or are there pervasive 
gaps, inconsistencies, and workarounds that 
would lead agents to hallucinate or make confi-
dent but incorrect decisions?  

On the process side, readiness means having 
instrumented the work, not just documented it. 
Have you used process intelligence - namely 
task-level telemetry capturing people’s digital 
interactions with processes across desktops, 
applications, and systems  - to confirm that the 
majority of cases follow a few dominant paths, or 
do you see fragmentation into many loosely 
related variants that would each need separate 
automation logic? Can you quantify exception 
rates, rework loops, and cross-team handoffs well 
enough to know whether automation will simplify 
the flow or merely bolt software onto chaos? And 
critically, does the data show pockets of work that 
should not be automated at all, but eliminated 
outright. Activities with low value, high complexity, 
or purely compensating behavior created by 
broken upstream processes? Without that level of 
process intelligence, “standardization” is an as-
sumption, and assumptions at this layer tend to 
reappear later as maintenance cost, fragile ROI, 
and beautifully automated work that never 
needed to exist in the first place. 

On the organizational side, does the team 
have the skills, culture, and change capacity to 
adopt new ways of working - or is this a func-
tion already stretched thin, resistant to change, 
and lacking the bandwidth to absorb disrup-
tion? Automation amplifies existing problems. It 
does not fix them. Automating on a foundation 
of bad data, unstable processes, or organiza-
tional unreadiness guarantees failure, no mat-
ter how sophisticated the technology. 

Risk: What happens if the automation  
makes a wrong decision or fails?  

Not all processes carry the same risk profile. In 
highly regulated contexts - banking, healthcare, 
insurance - a compliance breach, reputational 
damage, or liability event can dwarf any effi-
ciency ROI. A fully autonomous agent that saves 
hundreds of hours per week but creates one 

—
A Prioritization Framework  
for “Should vs. Can” 
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regulatory fine costing $10 million is a cata-
strophic investment.

The math must include worst-case scenarios 
weighted by probability, not just best-case effi-
ciency gains. Beyond regulatory risk, consider 
whether the process is rule-based or 
judgment-heavy. Rules-based processes (in-
voice matching, data validation, routine ap-
provals) are automation sweet spots. 
Judgment-heavy processes (credit underwrit-
ing edge cases, complex customer negotia-
tions, strategic sourcing decisions) may benefit 
more from AI augmentation - agents as 

copilots, not autopilots - where humans remain 
accountable for final decisions.  

Consider also whether this is a differentiating 
process where human judgment is a competi-
tive asset, or a commodity backbone process 
where automation is table-stakes and competi-
tors are already doing it. Blindly automating dif-
ferentiators removes competitive advantage. 
Failing to automate commodities wastes pre-
mium resources on non-differentiating work.

—
Real ROI at Enterprise Scale
Amazon’s Java Modernization: 
The Blueprint for “Should Automate”   

Amazon used agentic AI to modernize more than 10,000 production 
applications from older versions of Java to newer versions. 
 
The Results

4,500 years  
of development time saved compared to manual effort.  

$260 million  
in annual cost savings from infrastructure optimization.9

This demonstrates the “should automate” payoff when applied to 
high-volume, stable technical processes with clear ongoing opera-
tional value - not just one-time build efficiencies. 

The Lesson 
The automation worked because the process met all three frame-
work criteria: high impact (massive scale, concentrated technical 
debt), high readiness (observable, stable, well-defined rules), and 
acceptable risk (contained scope with clear rollback procedures). 
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Four Decision Buckets  
These three axes - impact, readiness, risk - produce numerous 
potential combinations, but four strategic archetypes emerge as 
the most actionable frameworks for executive decision-making. 
These buckets represent the scenarios that matter most in practice, 
where clear investment postures can be defined and defended.

From Framework to Action    
 
This framework is not academic. It provides a 
lens for portfolio review: mapping every auto-
mation initiative or candidate onto these four 
scenarios, then asking hard questions.  

	→ Are we over-investing in low-impact sand-
boxes while under-investing in 
high-impact opportunities that require 
process transformation first?   

	→ Are we pursuing full automation in 
high-risk contexts where augmentation  
is the better risk-adjusted strategy?  

	→ Are we realistic about readiness, or are we 
automating on foundations of unstable 
processes and bad data because “the 
technology can handle it”?  

The organizations that automate ruthlessly 
well are not those with the most pilots. They are 
those with the discipline to say no to most op-
portunities so they can say yes, with full com-
mitment, to the few that truly matter.  

Automate Now. High Impact,  
High Readiness, Acceptable Risk. 

These are the core targets for ROI. Pro-
cesses that materially move enterprise 
KPIs, where the organization has the tech-
nical foundation to succeed, and where 
downside risk is manageable. These war-
rant aggressive investment, dedicated 
ownership, and fast-track governance. 
Leaders invest 2x more budget in AI than 
followers, but concentrate it in fewer op-
portunities. This is where concentration 
pays off: scaled deployments with clear 
business cases, named P&L owners, and 
hard targets.

Deprioritize Or Use As Safe Sandboxes.
Low Impact, High Readiness. 

These processes are easy to automate 
and organizationally ready, but they do  
not move the P&L in meaningful ways.  
They work best as learning environments - 
safe places to test agentic capabilities, 
build skills, and refine governance. They 
should not consume scarce capital or se-
nior attention. Many organizations struggle 
to prove ROI because they automate too 
many processes in this quadrant: techni-
cally successful, strategically irrelevant.

Transform Then Automate.  
High Impact, Low Readiness. 

These processes would deliver significant 
value if automated, but the foundation 
isn’t in place. The process may have ex-
treme variation, unstable systems, poor 
data quality, or organizational resistance. 
Automating prematurely guarantees con-
stant rework as the foundation shifts. The 
disciplined move: redesign and standard-
ize first, then automate from strength. This 
requires patience and executive sponsor-
ship to fund process transformation before 
expecting ROI - the hard, unglamorous 
work that creates sustainable success.

Assist, Don’t Automate.  
High Risk, Low Readiness.

These are processes where full autonomy 
is dangerous. High stakes and organiza-
tional unreadiness mean even a capable 
AI agent could trigger regulatory 
breaches, customer damage, or financial 
loss. The right approach is AI-assisted 
work: agents act as copilots that prepare 
information, draft responses, surface in-
sights, and recommend actions, while 
humans stay accountable for final deci-
sions. In high-stakes contexts, this 
human-in-the-loop oversight is an es-
sential layer of risk mitigation.

1

3

2

4
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—
The Human-in-the-Loop Tax 

Deloitte’s analysis of high-impact AI use cases across six major 
industries found that nearly every scenario included accountabil-
ity provisions requiring human oversight.10

Example
Intelligent commercial operations promises “faster bidding cycles 
at lower cost.” The reality: “Escalation protocols should be in place 
for high-value or sensitive proposals, with humans retaining final 
responsibility for commercial offers and contract decisions.” 

Implication 
The promise of “scalability without headcount” often masks the reality 
that AI agents require extensive human oversight, continuous retraining, 
and exception handling - costs that rarely appear in initial business 
cases. Plan for hybrid models and budget for ongoing human oversight. 

Vendors of agentic (or agent‑ish) solutions love to suggest that full autonomy is 
basically imminent, just one release cycle away. The reality for most organizations 
looks much closer to the staged journey outlined in Microsoft’s 2025 Work Trend Index: 
Annual Report.11 Most orgs are still just trying to figure out Phase 1, where “add agent” 
often translates to “add new ways for things to go sideways.”

Phase 1
Human with assistant

Phase 2
Human-agent teams

Phase 3
Human-led, agent-operated

Full autonomy isn’t always the goal. In high-stakes contexts - regulatory 
filings, brand communications, contract terms - human judgment pro-
vides risk mitigation that no model can replicate. The question is where, 
not whether, to keep humans in the loop.



30 CHAPTER 03 W H AT C A N/S H O U LD B E AUTO M ATE D

The most expensive question in automation is 
not “What does it cost to build?” It is “What will 
it cost to own over three to five years?” Most 
automation business cases over-rotate on ini-
tial build cost - the capital expense to design, 
develop, and deploy - and under-rotate on the 
run-and-change costs that dominate the total 
cost of ownership.  

This imbalance is not accidental. Build costs are 
visible, discrete, and easy to estimate. Ongoing 
costs are diffuse, variable, and politically incon-
venient to acknowledge. The result is systematic 
underestimation of what automation actually 
costs, leading to the “60% maintenance burden” 
that plagued RPA programs: organizations 
spending more capacity maintaining existing 
automations than building new ones, with ROI 
eroding as hidden costs compound. 

It must be stressed that Agentic AI does not 
eliminate this trap. On the contrary, it introduces 
new dimensions of maintenance complexity. 
The promise of “scalability without headcount” 
often masks the reality that AI agents require 
extensive human oversight, continuous retrain-
ing, and, contrary to popular belief, exception 
handling - costs that rarely appear in initial 
business cases. Beyond the license fees for AI 
platforms, enterprises must account for intel-
lectual property creation costs to build, 
fine-tune, or domain-train agents; ongoing 
maintenance costs for monitoring, tuning, and 
updates; token consumption across inference 
and multi-model workflows; and infrastructure 
costs to host and scale agents.12 Agentic AI also 
requires continuous telemetry, real-time dash-
boards, audit trails, and automatic alerting to 
spot drift or correlated behaviors before they 
compound into systemic exposure. This is not 
one-time build cost. This is ongoing operational 
expense that must be budgeted, staffed, and 
governed. The alternative? Agentic automation 
the quietly degrades until it creates more prob-
lems than it solves. 

What Drives 
the Maintenance Trap  

The maintenance burden that plagued RPA 
was not accidental - it resulted from four 

structural dynamics that remain fully operative 
for agentic AI. 

First, high rates of upstream change in appli-
cations, policies, and products. When the sys-
tems an agent interacts with change monthly, 
when regulations shift quarterly, when business 
rules evolve continuously, every change ripples 
through to the automation. Without modular 
design and configuration management, each 
change requires custom rework.  

Second, lack of modularity in how agents are 
architected. When business logic is 
hard-coded rather than configured, when 
agents are tightly coupled to specific UI ele-
ments or APIs rather than abstracted through 
stable interfaces, every process or system 
change becomes expensive custom work.  

Third, processes with high exception rates that 
were automated anyway. If 40% of cases re-
quire human intervention or correction, the ef-
ficiency gains evaporate - and the organiza-
tion now bears the cost of both the automation 
and the expanded exception-handling operation.  

Fourth, multiple fragmented solutions across 
business units doing similar things in different 
ways, with no shared components or reuse. Ev-
ery unit reinvents automation from scratch, 
paying full freight for capabilities that should 
be enterprise assets. 

As if those four forces weren’t enough, agentic 
AI introduces new maintenance complexity 
that RPA never faced. 

Model drift occurs as the underlying data dis-
tributions and behavioral patterns evolve over 
time - what worked in production at launch 
may degrade silently as the world changes.  

Prompt evolution happens as businesses re-
fine their understanding of what “good” agent 
behavior looks like, requiring continuous tuning 
of instructions, guardrails, and escalation logic.  

Continuous monitoring for hallucinations, 
bias, and security exposures becomes 
non-negotiable - agents may confidently gen-
erate plausible but incorrect outputs, and 

—
The 60% Maintenance Burden Trap 
(And How to Avoid It) 
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unlike RPA scripts that fail visibly, these errors 
propagate downstream before anyone notices. 

Some might dismiss these as edge cases that 
rarely materialize. They are not. They are inherent 
characteristics of agentic systems that require 
ongoing attention, staffing, and budget. Ignore 
them, and you’re essentially shooting yourself in 
the foot - paying for agentic automation that 
creates more problems than it solves. 
 
Automation Unit Economics 

Shifting the conversation from build cost to 
ownership cost requires new metrics. For each 
automation candidate, executives should de-
mand estimates of payback period measured 
in months - not just savings divided by build 
cost, but savings divided by total three-year 
cost including maintenance. They should un-
derstand sensitivity to process and application 
changes: how many upstream dependencies 
does this automation have, and how frequently 
do they change? A process touching ten sys-
tems that each release updates monthly has 
far higher maintenance exposure than one op-
erating in a stable, API-driven environment. 

Organizations should also ask where the work 
really goes. Surface-level metrics like “agents 
completed 10,000 tasks” can hide the reality 
that those tasks now require human review, 
that exceptions doubled in another team, or 
that downstream errors increased. Without 
end-to-end process visibility tracking work 
across organizational boundaries, enterprises 
miss true ROI and create new bottlenecks.  

CFOs see automation spend rise while overall 
FTE and cycle times barely move because work 
shifted, not disappeared. 

The honest ROI calculation is 
based on total labor impact 
across the complete workflow - 
pre-work, execution, post-work, 
rework, and handoffs - not just 
the automated step in isolation.

Design for Change 

The way to break the maintenance trap is not 
to avoid automation. It is to design automation 
for change from the start. Separate business 
policies and decision rules from agent instruc-
tions so that when policies evolve, updates 
happen through configuration and prompt re-
finement rather than rebuilding the entire 

agent. Use event-driven architectures with sta-
ble APIs rather than brittle screen-scraping. 
Build modularity and reuse into the architec-
ture: shared components, common guardrails, 
and enterprise platforms rather than one-off 
agents scattered across business units. 

Process intelligence makes this discipline scal-
able. Not as a one-time assessment before au-
tomation, but as a continuous discovery and 
visibility layer that runs alongside deployed 
agents. Ongoing measurement reveals where 
exceptions cluster, which variants cause fail-
ures, and how process changes ripple through 
automations - providing early warning of 
maintenance need before ROI degrades. 
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Every framework described so far - capital al-
location logic, RPA lessons, the three dimen-
sional prioritization model, total cost of owner-
ship - depends on a foundation that most 
organizations lack: accurate, empirical under-
standing of how work actually happens. Not 

how process maps say it should happen.  
Not how subject matter experts remember  
it happening. How it actually happens, mea-
sured through system logs, desktop telemetry, 
workflow data, and behavioral patterns cap-
tured at scale.  

Without this foundation, automation is guess-
work. With it, automation becomes 
evidence-based capital allocation. Process in-
telligence is the underwriting function for auto-
mation investments - the discipline that ensures 
enterprises never approve an AI agent without a 

process baseline, never fund initiatives without 
quantified impact potential, and never scale 
deployments without continuous feedback on 
whether promised value is materializing. It is the 
connective tissue that makes the difference be-
tween automation theater and automation ROI. 

—
How Process Intelligence Underpins 
Disciplined Automation 

What does process intelligence provide? The shift from anecdotes 
to telemetry, from opinions to evidence, from “this feels like a good 
automation candidate” to “here is what this process costs today, 
where the bottlenecks are, what the exception rates look like, and 
what ROI we can realistically expect.” 

CX

FINANCE

HR

SCM

28,74%     874h / 109,21 FTE   4.914 540 USD

19,69%    599h / 74,82 FTE     3.366 990 USD

16,32%    496h / 62,02 FTE     2.790 720 USD

17,87%    543h / 67,91 FTE     3.055 770 USD
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—
A Customer Scenario 
How Saying “No” Unlocks Value

A pattern emerges consistently across new KYP.ai customers  
and prospects seeking process intelligence in Shared Services 
and BPO: scattered automation initiatives that looked promising  
in isolation but delivered little consolidated impact. 

Problem 
Multiple service centers running independent automation pilots - 
one site had password reset bots, another a vendor onboarding 
form-filler, a third an invoice matching script. Each looked suc-
cessful locally. Collectively, the CFO saw little consolidated P&L  
impact: headcount unchanged, resolution times flat, capacity 
gains invisible. 

Discovery 
KYP.ai process intelligence analysis revealed that 52% of agent ef-
fort was consumed by complex, multi-system ticket types (travel 
policy exceptions, benefits disputes, vendor setup approvals) that 
represented only 8% of volume: not the high-volume, 
low-complexity tasks being automated at individual sites. 

Action 
The company shut down several low-impact pilots and redirected 
resources to fund two enterprise-grade initiatives aligned with 
strategic bottlenecks: an agentic triage system handling the 
complex 8% that consumed half of all effort, and intelligent rout-
ing to eliminate escalation handoffs. They introduced a minimum 
ROI threshold: no new automation project unless it addressed 
material capacity relief or customer experience improvement. 

Outcome 
Saying “no” to many “can automate” ideas enabled concentrated 
investment in fewer “should automate” ones - demonstrating 
portfolio logic over project logic. This pattern illustrates how em-
pirical process understanding transforms automation from dis-
tributed experimentation into focused capital allocation. 
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Before Automation: Building 
the Business Case on Reality  

The first value of process intelligence is pre-
venting expensive mistakes before they hap-
pen. It reveals where work really happens, 
which is often not where process maps and 
documentation claim. A global shared services 
center believed its agents spent most of their 
time typing responses to HR, finance, and pro-
curement tickets. Process intelligence revealed 
the truth: agents spent the majority of their 
time navigating multiple systems and search-
ing for policy documents, not typing. Automat-
ing the typing would have saved minutes. De-
ploying AI agents to classify tickets, gather 
context from systems, and draft responses for 
human review addressed the actual bottleneck 
- a classic “should be automated” opportunity 
with high volume, clear policies, medium risk, 
and high impact on employee experience. 

Process intelligence quantifies ROI potential with 
real data - actual FTE effort, cycle times, error 
rates, rework loops, and their cost implications - 
rather than assumptions. It detects hidden 
complexity that would explode maintenance 
costs later: exception clustering, process vari-
ants across teams and geographies, unstable 
upstream dependencies, and data quality gaps 
that would cause agents to hallucinate or make 
incorrect decisions. When 75% of AI initiatives fail 
to meet value expectations, the root cause is of-
ten that business cases were built on hopeful 
assumptions rather than empirical baselines. 
Organizations automate processes they do not 
understand, then blame the technology when 
reality diverges from expectation.  
 

During Prioritization:  
Separating Signal from Noise  

With hundreds of potential automation candi-
dates and finite capital, prioritization is the 
scarce skill. Process intelligence transforms this 
from political negotiation - whoever lobbies 
loudest gets funded - into data-driven portfo-
lio management. It shows actual time spent 
per task, revealing which processes consume 
disproportionate FTE relative to their strategic 
value. It maps variants and exception rates by 
region, team, and system, exposing where 
standardization is required before automation 
will succeed. It tracks rework, handoffs, and idle 
time across organizational boundaries, high-
lighting end-to-end bottlenecks rather than 
local inefficiencies. 

 
 
This empirical view enables rational application of 
the impact-readiness-risk framework. Instead of 
debating whether a process is “ready,” process in-
telligence measures actual standardization, sys-
tem touchpoints, data completeness, and behav-
ioral patterns - providing objective readiness 
assessment. Instead of estimating impact, it 
quantifies current cost and projects realistic im-
provement potential based on comparable auto-
mation results. Instead of guessing at risk, it maps 
where high-stakes decisions concentrate, where 
regulatory touchpoints exist, and where human 
judgment adds critical mitigation. The result is a 
prioritized backlog ranked by evidence, not intu-
ition. This, in turn, enables the portfolio discipline 
that separates leaders from followers. 
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After Deployment: Closing  
The Feedback Loop 

The most overlooked value of process intelli-
gence is what happens after agents go live. 
Has the process actually sped up, or has work 
simply shifted to exception handling, quality 
review, or downstream teams? Surface-level 
automation metrics - tasks completed, 
throughput processed - can mask the reality 
that overall cycle times barely moved and FTE 
stayed flat because the bottleneck relocated. 
Process intelligence provides end-to-end visi-
bility that reveals whether automation truly re-
moved work or just shifted it, enabling honest 
ROI calculation based on total labor impact 
rather than narrow automation metrics. 

It also spots failure patterns and emerging 
process variants that threaten ROI sustainabil-
ity. When exception rates start climbing, pro-
cess intelligence shows which edge cases are 
clustering and whether they require agent en-
hancement, process standardization, or esca-
lation protocol changes. When process 
changes ripple through the organization - new 
regulations, system upgrades, policy evolution 
- process intelligence alerts automation own-
ers that agents need updates before perfor-
mance degrades. This continuous monitoring 
transforms maintenance from reactive fire-
fighting into proactive lifecycle management, 
breaking the maintenance trap by making 
high, recurring maintenance costs predictable 
and manageable. 

Perhaps most strategically, process intelli-
gence enables dynamic reprioritization of the 
automation backlog based on what is now the 
new constraint. After automating one bottle-
neck, where does the constraint move? Which 
processes now warrant investment that were 
previously lower priority? This closed-loop ap-
proach - measure, automate, measure again, 
reprioritize - is how leaders achieve 50% higher 
revenue growth and 40% higher return on in-
vested capita.13 They do not treat automation 
as a one-time project. They treat it as a contin-
uous capability, with process intelligence pro-
viding the feedback mechanism that makes 
continuous improvement possible. 

The Mindset Shift 

The organizations that will win with agentic AI 
are not those with the most sophisticated mod-
els or the largest AI budgets. They are those that 
combine agentic capability with process un-
derstanding - automation power with automa-
tion discipline. Process intelligence is what 

makes discipline scalable. It provides the evi-
dence for investment-grade business cases, the 
metrics for consistent portfolio review across all 
automation investments, and the ongoing te-
lemetry that enables rational capital allocation 
decisions rather than technology enthusiasm. It 
transforms the executive conversation from 
“Should we invest in AI agents?” to “Which ten 
processes, automated with agents and mea-
sured with process intelligence, will generate 
the highest risk-adjusted return on our con-
strained capital and change capacity?” 

Knowing what to automate is necessary. It’s not 
sufficient. The graveyard of enterprise AI is filled 
with well-chosen pilots that never reached 
production. Killed not by poor strategy, but by 
weak execution. Chapter 4 examines how to 
move from selection to scale: what it really 
takes to turn a handful of promising agents into 
a reliable, enterprise-wide capability.
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For AI agents to perform reliably, the entire process and operating model 
must be redesigned for interoperability, context awareness, Human in the 
Loop (HITL), and continuous feedback mechanisms. Process intelligence pro-
vides the end-to-end blueprint for that redesign.  
 
— 
Sibasis Mohapatra, 
Associate Director Transformation and New Initiatives, Mindsprint

Enterprises deploying AI agents without process foundations are unknowingly 
constructing ‘agentic debt’ - a compounding liability of maintenance burden, 
integration fragility, and unscalable complexity that will eclipse the cost of the 
original automation within 18 months. Without process intelligence they allo-
cate 70–75% of three-year cost-of-ownership to maintenance, debugging, 
and orchestration overhead. A typical mid-market deployment budgeting 
$250,000 for implementation incurs $600,000+ in maintenance costs. 
 
— 
Benny Abraham, 
Managing Director, Actyv.ai 

Agentic AI will not turn bad processes into good businesses. What changes 
the game is when CIOs and COOs use agents to amplify a process they al-
ready understand. Where the risks, controls, and outcomes are clear. That is 
when you move beyond pilots and turn autonomy from a science project into 
a lever on the P&L, with ROI you can defend in a board meeting rather than 
justify with slideware. 
 
— 
Frank Scheuble, 
Co-Founder & COO, KYP.ai

Successful AI agent deployments start with a clear purpose and ROI focus – 
they target high-impact processes and set measurable outcomes from day 
one. These organizations use process intelligence as a roadmap, identifying 
where automation will truly move the needle. By analyzing real operational 
data, they avoid the trap of “interesting demo, unclear value” that plagues 
many pilots. Instead, each pilot is a deliberate step toward a broader trans-
formation plan, not an isolated experiment. 
 
— 
Wilhelm ‘Wil’ Bielert, PhD, 
The Author of “Secrets of AI Value Creation”, Chief Digital Officer,  
SVP, PremierTech

—
Expert Point of View



—
04. Making It Work
How Execution Beats Intention
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—
The Maturity Pathway - Four Phases  
to Production Scale 

Agentic AI is not failing because the demos 
are wrong. As we have already established, 
most enterprises now have an AI strategy 
deck. What they lack is an operating model. 
The gap between “we should do this” and 
“we’re doing this at scale” is where the vast 
majority of AI initiatives die - including, but  
not limited to, agentic AI deployments. 

Across industries, executives have approved 
pilots, funded proofs of concept, and watched 
automation dashboards light up. All this only to 
discover, 12–18 months later, that EBIT is un-

changed, cycle times barely move, and agents 
quietly sit at the edge of core processes in-
stead of running them. The organization has “AI 
activity”, but not AI advantage. 

What follows is the operational playbook for 
getting from strategy decks and pilot theater 
to production systems that compound value: 
a practical maturity path, a hard-edged 
readiness test, and concrete steps enterprise 
leaders can take in the next 90-180 days to 
move from experiments to an enterprise that 
actually runs on agents. 

The journey from proof of concept to 
enterprise-scale agentic AI may not be linear, 
but it is predictable. Organizations that suc-
cessfully scale follow a consistent pattern: they 
establish operational truth before deploying 
technology, they design pilots with production 
constraints in mind, they measure business out-
comes rather than technical metrics, and they 
treat agents as products with lifecycles rather 
than projects with end dates. Let’s zoom in. 

Phase 1: Process Discovery  
& Baseline Truth
 
The Foundation Layer 

Most organizations begin agentic AI deploy-
ments with documentation: process maps cre-
ated years ago, standard operating proce-
dures that describe how work should flow, and 
business requirements written by people who, 
in many cases, no longer work there. This is 
what we call process fiction, definitely not pro-
cess truth. Agents built on fiction inherit every 
gap, assumption, and outdated rule embed-
ded in that documentation. 

Process intelligence provides the antidote. It 
captures how work actually happens  through 
direct observation of digital work at scale. By 
analyzing event logs from enterprise systems, 
desktop activity telemetry, and workflow execu-
tion patterns, process intelligence reveals the 
ground truth that humans can’t see and docu-
mentation doesn’t capture. 

What This Phase Delivers 

Organizations in Phase 1 establish an 
evidence-based operational baseline:

	→ Process variants mapped at task level: Not 
“we have three approval paths,” but “we 
have 23 variants, clustered into four domi-
nant patterns representing 78% of volume, 
with the remaining 22% comprising edge 
cases that require human judgment”. 

	→ Exception rates quantified: Measuring not 
just how often the happy path executes, but 
where exceptions cluster, what triggers 
them, and whether they represent process 
failures that should be eliminated or genuine 
complexity that requires agent intelligence. 

	→ Bottleneck analysis with business impact: 
Identifying which constraints actually limit 
throughput, revenue, or customer experi-
ence - not just which steps take the longest. 

	→ Current state metrics tied to P&L: Establish-
ing cycle times, cost per transaction, quality 
rates, and customer satisfaction scores that 
become the baseline for measuring ROI.

Without this foundation, organizations can’t an-
swer Chapter 3’s diagnostic questions honestly.
They automate on assumptions, meet reality in 
production, and spend 18 months debugging 
agents solving the wrong problems. 

Key Output: A process intelligence baseline that 
grounds all subsequent decisions: what’s au-
tomatable, what’s valuable, and what will break 
(or worse, explode in your face) if you touch it.
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—
Hierarchical Decomposition 
Making Work Agent-Ready

This is where Phase 1 of the maturity pathway becomes real:  
before agents, there must be work that’s cleanly understood, 
structured, and decomposed into pieces small enough to be  
automated, observed, and improved. Cognizant proposes a hierar-
chical decomposition approach which can be applied to systemati-
cally break down work into agent-ready units.1

Macro-Level Decomposition 

Break entire job roles into major functional areas (e.g., insurance un-
derwriting data collection, risk analysis, policy recommendations). 

Meso-Level Decomposition 

Divide functional areas into specific processes that define 
execution (e.g., risk analysis data validation, risk scoring, 
compliance checks). 

Micro-Level Decomposition 

Identify discrete tasks within processes and map to agent capabili-
ties (e.g., data validation document parsing, anomaly detection). 

Hierarchical decomposition on its own is a workshop artifact; process 
intelligence turns it into a living, empirical map of how work actually 
flows in your organization.  
 
By continuously capturing task-level activity, bottlenecks, and 
variants, process intelligence like the one KYP.ai offerts gives you 
the ground truth needed to choose the right macro, meso, and 
micro units of work for agents, validate their impact in production, 
and iteratively refine where automation should go next. 
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From Experimentation  
to Investment Thesis 

Phase 2 is where most organizations fail, and the 
failure mode is consistent: they select pilots 
based on technical feasibility (“this looks autom-
atable”) rather than strategic value (“this moves 
EBIT”), they design for demo success rather than 
production constraints, and they measure task 
completion rather than business outcomes. 

Process-grounded incrementalism offers a dif-
ferent approach. Using the operational base-
line from Phase 1, organizations apply the Im-
pact/Readiness/Risk framework from Chapter 3 
to identify 2-3 pilots that meet specific criteria: 
high business impact (material effect on reve-
nue, cost, or strategic KPIs), high readiness 
(stable processes, quality data, organizational 
buy-in), and acceptable risk (failure modes are 
contained and reversible). 

Designing for Scale from Day One 

Pilots designed for production scale look differ-
ent from typical proofs of concept: 

	→ Governance established before deploy-
ment: Who owns the agent when systems 
change? How are decisions audited? What 
triggers a kill switch? These aren’t questions 
to answer later. They’re design constraints. 

	→ Kill/scale criteria defined upfront: Specific 
business metrics that determine whether 
the pilot expands, iterates, or terminates. 
Not “let’s see how it goes,” but “if we don’t 
achieve X% cycle-time reduction within 90 
days, we kill it”. 

	→ Modular architecture from the start: Reus-
able components, configurable business 
logic, abstracted integrations. As opposed 
not custom agent-ish deployments tightly 
coupled to specific systems. 

	→ Exception handling as first-class design: 
Agents that gracefully escalate edge 
cases rather than failing silently or, worse, 
confidently generating incorrect outputs 
that propagate downstream. 

Organizations that skip this discipline don’t lack 
rigor. They apply it to the wrong layer. They ob-
sess over model selection, prompt engineering, 
and infrastructure choices while treating busi-
ness case design, success metrics, and gover-
nance as afterthoughts. The alternative isn’t 
less rigor. It’s redirecting that rigor from techni-
cal sophistication to operational discipline. 

Key Output: Investment-grade business cases 
with clear ROI thresholds, named P&L owners, 
and success criteria that can be measured in 
60-90 days. 

Phase 3: Rapid Iteration & 
Learning 

Production as Learning Environment 

Phase 3 is where the compounding advantage 
begins. Agents are in production, handling real 
volume under real constraints. Process intelli-
gence shifts from baseline measurement to 
continuous monitoring: tracking not just 
whether agents complete tasks, but whether 
they’re improving the business outcomes that 
justified the investment. 

What Separates Learning from Flailing 

Organizations that generate insight from pro-
duction deployments measure three layers  
simultaneously: 

	→ Agent performance: Task completion rates, 
accuracy, escalation frequency - the oper-
ational metrics that show whether the 
agent is functioning as designed. 

	→ Process impact: Cycle times, throughput, 
exception rates - whether the automated 
process is actually faster, cheaper, or 
higher quality than the manual baseline. 

	→ Business outcomes: Revenue per process 
cycle, cost per transaction, customer satis-
faction, employee capacity freed for 
higher-value work - whether operational 
improvements translate to P&L impact. 

When these three layers align - agents perform-
ing well, processes improving, and business out-
comes moving - organizations scale aggres-
sively. When they diverge - agents technically 
working but business metrics flat - process intel-
ligence reveals why. Perhaps the bottleneck 
moved. Perhaps the wrong process was auto-
mated. Perhaps exception handling is consum-
ing the efficiency gains. Without this feedback 
loop, organizations repeat mistakes at scale

Key Output: An operational playbook docu-
menting what works in your specific context. 
Which processes respond to automation, 
where human-agent collaboration delivers the 
best outcomes, and which early assumptions  
proved wrong.
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Phase 4: Enterprise Scale 

From Pilots to Portfolio 

Organizations reaching Phase 4 no longer treat 
agents as experiments. They manage them as 
a product portfolio: a collection of automation 
assets with different maturity levels, risk profiles, 
and lifecycle stages, governed by the same 
capital allocation discipline applied to M&A, 
product development, or geographic expan-
sion. 

What Enterprise Scale Requires 

Scaling beyond functional pilots demands infra-
structure that most organizations haven’t built: 

	→ Center of Excellence with product owner-
ship model: Not a governance body that 
approves projects, but an operating unit 
that owns agent performance, funds ongo-
ing maintenance, and manages the portfo-
lio as reusable enterprise capabilities. 

	→ Shared infrastructure and reusable com-
ponents: Semantic business models, pro-
cess intelligence layers, governance 
frameworks, and integration patterns that 
reduce the marginal cost of each new 
agent deployment. 

	→ Continuous monitoring and lifecycle man-
agement: Automated detection of model 
drift, process changes, and performance 
degradation. Turning maintenance from re-
active firefighting into proactive optimization. 

	→ Portfolio-level metrics visible to executive 
leadership: Not “bots deployed,” but “EBIT 
impact from automation,” “total cost of 
ownership by business unit,” “ROI distribu-
tion across the portfolio”. 

This is where AI leaders pull away from follow-
ers,  concentrating their investment in fewer, 
better opportunities - generating much higher 
revenue growth and return on invested capi-
tal. Organizations that reach Phase 4 have 
built a self-reinforcing capability. Successful 
agents generate data that improves future 
agents. Process intelligence becomes richer 
as more workflows are instrumented. Teams 
develop institutional knowledge about what 
works. The semantic business models that 
ground agents become enterprise assets - re-
usable, always improving, and impossible for 
competitors to replicate. 

Key Output: A self-reinforcing capability that 
compounds over time, where each deployment 
makes the next one faster, cheaper, and more 
likely to succeed. 

The Timeline Reality? 

These four phases don’t take years. Organiza-
tions with process intelligence foundations can 
move from Phase 1 to Phase 3 in 6 to 9 months. 
The timeline compresses further for organiza-
tions that already have mature process intelli-
gence infrastructure in place. They accelerate 
the discovery learning curve, leverage existing 
semantic business models, and reuse gover-
nance patterns from prior deployments. By 
their third or fourth agentic deployment, what 
took 6 months initially can happen in 6 weeks.



42 CHAPTER 04 F RO M S TR ATEGY TO S C A LE 

Two failed approaches dominate 
enterprise AI deployments. The 
first stalls under its own weight. 
Multi-year data transformation 
programs that promise to “get 
our data right” before tackling AI, 
but never ship. The second cre-
ates shadow IT. Frustrated lead-
ers spinning up siloed pilot pipe-
lines for immediate needs, 
reinforcing fragmentation rather 
than solving it. 

As already outlined in the previous section, the 
alternative is process-grounded incremental-
ism: start with process discovery to find 

high-value, high-readiness opportunities, build 
modular components that can scale, and use 
process intelligence as a continuous feedback 
loop. This approach delivers value quickly while 
still building toward enterprise scale - avoiding 
both paralysis and chaos. 

But how do you know if you’re truly ready for 
this approach? Most organizations overesti-
mate their readiness. They assume docu-
mented processes reflect reality, that “good 
enough” data will work, and that agents will 
adapt to organizational complexity. These as-
sumptions collapse in production, usually after 
significant capital has been deployed. 

Before your next AI Steering Committee, answer 
these 12 questions honestly. Not how you’d like 
things to be, but how they actually are. Your 
answers might help you surface whether you’re 
building competitive advantage or expensive 
technical debt. 

Portfolio or Proliferation 
Do you have a single enterprise view of all automation 
investments? 

Why it matters? Without portfolio visibility, you can’t optimize  
capital allocation, prevent redundant efforts, or build reusable 
components across the organization. 

Investment Discipline or Technology Enthusiasm 
Can you show your board an automation portfolio with risk/return 
profiles, P&L owners, and kill-or-scale criteria? 

Why it matters? AI leaders invest more but pursue fewer, better  
opportunities with concentrated investment - delivering higher 
revenue growth and higher ROIC. 

—
The Readiness Assessment
 - 12 Diagnostic Questions

1

2
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Table-Stakes or Vanity Project 
Is this automation competitively necessary - will not doing it cost 
you deals, talent, or market share? 

Why it matters? Many organizations struggle to scale initiatives 
because they automate “interesting” problems rather than  
strategic necessities that move the needle. 

Differentiator or Commodity
Are you automating commodity processes while preserving hu-
man judgment on work that creates competitive advantage? 

Why it matters? Automating differentiators removes the judg-
ment that creates margin. Failing to automate commodities 
wastes premium resources on non-differentiating work.

Work Eliminated or Work Shifted 
Have you tracked end-to-end workflow impact to confirm work  
is eliminated, not just moved to another bottleneck? 

Why it matters? Many automations save minutes per transaction 
but never remove end-to-end bottlenecks. Cycle times stay flat 
because work shifts rather than disappears.

Best-Case or Worst-Case 
Have you calculated risk-adjusted ROI including worst-case  
scenarios like regulatory fines or compliance breaches? 

Why it matters? In regulated contexts, one compliance breach 
can dwarf efficiency gains. An agent that saves thousands of 
hours but triggers a multimillion fine is a catastrophic investment.

Happy Path or Whole Truth 
Have you measured actual process variants and exception rates 
using process intelligence? 

Why it matters? Most processes have dozens of variants across 
regions and teams. Automating based on documentation rather 
than operational reality guarantees failures on edge cases. 

3

4

5

6

7
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8

9

10

11

12

Ready or Wishful Thinking 
Have you objectively measured data quality, process  
standardization, and organizational change capacity? 

Why it matters? Most organizations lack AI-ready enterprise data. 
Automating on foundations of bad data, unstable processes, or 
organizational resistance guarantees failure. 

Stable Foundation or Moving Target 
Is this process stable, with no major redesigns, migrations,  
or regulatory changes planned in the next 12-18 months? 

Why it matters?  Processes undergoing transformation make 
poor automation candidates. What’s sold as a “quick win” be-
comes an expensive maintenance burden as foundations shift.

Context-Ready or Garbage In 
Can your agents have access to the semantic business context 
they need to make safe decisions? 

Why it matters? Garbage in, garbage out is now a context quality 
crisis. Agents fed incomplete semantics generate outputs that are 
technically correct but organizationally catastrophic. 

Right Tool for the Job 
Have you matched automation complexity to process requirements (sim-
ple tools for rules-based work, agentic AI for judgment-heavy processes)? 

Why it matters? Over-engineering simple processes with expen-
sive agentic AI or under-engineering complex work with brittle 
scripts both lead to poor ROI. 

Product Owner or Orphan 
Is there a named owner with ongoing budget and accountability 
for this agent in 18 months? 

Why it matters? Without clear ownership, agents drift into limbo 
between IT, CoEs, and business units. When something breaks, 
finger-pointing replaces accountability.
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Are you CIO?

Commission process intelligence baseline 
across top cost centers 

Before deploying agents at scale, establish an 
evidence-based operational baseline using 
process intelligence. Target the 10 highest-cost 
or highest-volume processes: accounts pay-
able, procurement, customer service, IT opera-
tions, order fulfillment. 

Establish kill/scale criteria before approving 
next pilot 

The next time a business unit proposes an 
agentic AI pilot, define the threshold explicitly: 
What business outcome must this deliver within 
90 days to justify scaling? Equally important: 
define kill criteria. If the pilot doesn’t hit target 
metrics within the defined window, it terminates. 

Make process intelligence an enterprise service 

Move from one-off process intelligence proj-
ects to a shared platform that continuously 
captures how work is actually done across key 
systems. Agents across the enterprise access a 
unified view of how work actually flows - mak-
ing semantic grounding reusable instead of re-
built for every use case. 

Are you CFO? 

Reframe automation budget as capital port-
folio with risk/return profiles 

Stop treating automation as an operating ex-
pense. Structure the portfolio into three buck-
ets: High-conviction bets (20% of budget, 60% 
of expected ROI), Validated experiments (50% 
of budget, 35% of ROI), and Learning invest-
ments (30% of budget, 5% of ROI). Review quarterly. 

Demand total cost of ownership calculations 

Mandate that every automation business case 
includes 3-year TCO: initial build, ongoing 
maintenance, infrastructure and licensing, ex-
ception handling, and process redesign costs. 

The most expensive question isn’t “what does it 
cost to build?” but “what will it cost to own?” 

Track automation ROI with same rigor  
as M&A or Capex 

For every scaled automation: quarterly ROI re-
views comparing actual vs. projected savings, 
variance analysis when results miss targets, 
and portfolio-level reporting visible to execu-
tive leadership.

Are you Digital  
Transformation Leader? 

Apply the 12 diagnostic questions to current 
automation portfolio 

Take every active pilot and planned deployment 
through the 12 diagnostic questions from previ-
ous section. The output might be uncomfortable 
- revealing which investments should be killed 
immediately, which need process transforma-
tion first, and which warrant aggressive scaling. 

Kill low-impact experiments to fund 
high-impact scale initiatives 

AI leaders invest twice as much budget but 
pursue fewer, better opportunities - generating 
50% higher revenue growth and 40% higher re-
turn on invested capital. Make the hard calls. 
Terminate pilots that can’t demonstrate path 
to material P&L impact. Redirect that capital to 
2-3 high-conviction bets. 

Establish Center of Excellence with product 
ownership model 

Redesign the CoE as an operating unit with prod-
uct ownership: teams that own agent perfor-
mance end-to-end, fund ongoing maintenance 
from demonstrated ROI, manage lifecycle as 
models drift, and build reusable components 
that reduce marginal cost of each deployment.

—
The Path Forward
- Your Next 90-180 Days
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Are you Operational  
Excellence Leader?  

Map all initiatives to the Impact/Readiness/
Risk framework 

Every automation in your portfolio should be 
mapped to the Chapter 3 framework: High or 
low business impact? High or low readiness? 
Acceptable or high risk if it fails? This mapping 
reveals how many high-impact opportunities 
you’re actually pursuing versus low-impact ex-
periments consuming resources. 

Identify which projects to kill, transform, or 
scale immediately 

Portfolio mapping creates four buckets: Automate 
Now (scale aggressively), Transform Then Auto-
mate (fix the process first), Deprioritize (learning 
sandbox only), and Assist, Don’t Automate 
(human-agent collaboration model). Make ex-
plicit decisions on which 3-5 initiatives get 
scaled in next 90 days. 

Establish process intelligence as foundational 
infrastructure 

Process intelligence isn’t a one-time analysis. It 
should become your continuous operational 
infrastructure that monitors agent perfor-
mance against business outcomes, detects 
when process changes require agent updates, 
and enables dynamic reprioritization of the au-
tomation backlog. 

The honest question: will you act, or not? 

Are these all aspirational goals? Not necessarily. 
We can think of them as the operational moves 
that separate organizations building competi-
tive advantage from those trapped in pilot pur-
gatory (to use the industry’s favorite phrase).  

None require breakthrough technology. All re-
quire executive commitment, disciplined exe-
cution, and willingness to make hard calls 
based on evidence. 

The question is: will you start these actions in the 
next  days and week, or will you still be debating 
them 12 months from now while competitors 
compound their operational advantages? 

Is this an attempt at inducing some FOMO? Yes 
and no. Yes, because we’re pointing out that 
competitors who move now will have 18-24 
months of operational learning by late 2027 - 
experience you can’t buy or shortcut. No, be-
cause this isn’t manufactured urgency. The in-
dustry consensus is clear: 2026/2027 will be 
pivotal years in the enterprise agentic AI race. 

If you believe agentic AI will reshape operations 
- and the adoption patterns say it will - then 
early operational learning is a structural advan-
tage that compounds over time. If you don’t be-
lieve it, kill your pilots now and reallocate the 
budget to something you do believe in. 

What doesn’t work is the middle ground most 
organizations occupy. Funding enough activity 
to look like you’re moving, but not enough 
commitment to actually go anywhere. We can 
call that expensive waiting. 

—
Closing Remarks  
(Before You Go) 
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The Human Readiness Imperative 

Amara’s Law, introduced in Chapter 1, predicted 
this moment precisely: we overestimate what 
technology can achieve in the short term and 
underestimate its long-term transformation. 
Agentic AI is now transitioning from the overes-
timation phase - where demos promise instant 
transformation - into the harder, slower work of 
organizational change that determines who 
actually captures the long-term value. 

Technology moves faster than organizations 
absorb change, and Microsoft’s research 
across 31,000 knowledge workers reveals the 
human reality beneath the AI hype <Z>. Em-
ployees are maxed out. Interrupted every two 
minutes during core work hours by meetings, 
emails, and notifications. Edits in PowerPoint 
spiking in the final 10 minutes before meetings. 
Nearly half of employees report their work feels 
chaotic and fragmented. The capacity gap is 
real. Leaders demand productivity increases 
while the global workforce reports lacking 
enough time or energy to do their work . 

This is the context into which agentic AI arrives. 
Not as relief, initially, but as one more thing to 
learn while already underwater. The promise - 
intelligence on tap, digital colleagues handling 
drudgery. It will only materialize for organiza-
tions that recognize the human readiness 
challenge and address it deliberately. 

The shift required isn’t technical. It’s cognitive 
and cultural. Employees must move from viewing 
AI as a command-based too - give it a prompt, 
get an answer - to engaging with it as a thought 
partner: iterating on outputs, knowing when to 
delegate versus intervene, refining instructions 
based on context the agent cannot infer. The 
“agent boss” mindset  - treating agents as team 
members you manage, not software you oper-
ate – will soon become as foundational as using 
email or running meetings . 

Organizations that fail to close this readiness gap 
will face a predictable pattern: technically suc-
cessful deployments with anemic adoption. Em-
ployees revert to manual processes not because 
the agents don’t work, but because learning new 
collaboration patterns feels harder than familiar 
workarounds. The technology functions perfectly 
while the business case evaporates. 

The uncomfortable truth? Most organizations are 
not preparing their people for this shift with the 
same intensity they’re evaluating technology 
platforms. They assume readiness will emerge 
organically, that employees will “figure it out” 
once agents are deployed ((the same type of 

fallacy we debunked in Chapter 2 about agents 
magically figuring everything out themselves). 

Meanwhile, the infrastructure layer is already 
here. Process intelligence platforms like KYP.ai 
are ready to help organizations capture how 
work actually flows, surfacing where humans 
add value versus where agents should operate 
autonomously, and providing the operational 
context that makes human-agent collabora-
tion effective rather than chaotic.  

The technology is waiting to plug into the 
human-agent loop. The question remains: 
what are you doing to prepare your people to 
plug into this reality? 

Process Truth, Not Process Fiction 

Organizations that generate outsized value 
from agentic AI will not have better models. 
They will have better operational understand-
ing. They will avoid the two failure modes de-
scribed earlier that trap most enterprises: “Boil 
the ocean” - multi-year data transformation 
programs that promise perfect preparation but 
never ship - and “Bypass the Mess” - siloed 
quick wins that create architectural chaos and 
reinforcing fragmentation. As we have estab-
lished, process intelligence is the third way. It 
delivers evidence-based operational truth 
without requiring years of preparation, and it 
provides enterprise-wide coherence without 
creating governance bottlenecks. And it is not 
a feature to bolt onto your AI strategy. It is the 
foundation that determines whether agents 
scale or stall.

The premise is direct:  
data always trumps intuition - 
a truth that couldn’t be more 
relevant to the agentic AI era.

Leaders assume they understand how work flows 
through their organizations. Process intelligence 
often reveals they actually don’t – at least not at 
the level of granularity required to ground agents 
safely. It exposes the variants, the undocu-
mented workarounds, and the exception rates 
that determine whether automation creates effi-
ciency or just shifts problems elsewhere. 

This evidence-based management approach 
is what separates sustainable automation 
from expensive theater. Without it, organiza-
tions automate based on assumptions that 
collapse in production. As already demon-
strated throughout this report, process intelli-
gence makes the invisible visible before agents 
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go live. It may also provide the continuous 
feedback loop that makes them sustainable at 
scale: monitoring performance, detecting drift, 
identifying where constraints move, and en-
abling dynamic reprioritization. Most critically, it 
creates infrastructure that becomes a com-
petitive moat - the kind Warren Buffett built his 
fortune describing: durable, defensible advan-
tages that compound over time rather than 
erode with the next tech wave.  

Your process variants, your exception patterns, 
your business rules, and your tacit knowledge 
made explicit. Your unique operational context 
that generic models cannot infer and competi-
tors cannot replicate. Organizations that build 
this foundation early create self-reinforcing ad-
vantages: every deployment generates data that 
improves future agents, process intelligence 

becomes richer, semantic models become reus-
able enterprise assets. 

As argued throughout this report, late entrants will 
try to catch up by buying better technology. They 
will discover that operational intelligence cannot 
be purchased. It must be built, one process at a 
time, from evidence rather than assumptions.  

The future is agentic. But only for organizations that 
ground agents in process truth, not process fiction. 

Indeed. In this game, there are only two genres: 
process fiction and process science. And only 
one of them ships. 

Now you know which one, and – even more 
importantly - how to play it to your organiza-
tional advantage.

—
Context Is The New Prompt 

n8n Text-to-Workflow builds automations from prompts, but vague 
prompts create brittle workflows at scale. Most teams don’t know what 
to tell it. KYP.ai captures your real process context, so n8n so n8n builds ro-
bust, production-ready agents grounded in how your organization actually 
works, not assumptions. See the video.

https://www.linkedin.com/feed/update/urn:li:activity:7387388733190492161
https://www.linkedin.com/feed/update/urn:li:activity:7387388733190492161
https://www.linkedin.com/feed/update/urn:li:activity:7387388733190492161
https://www.linkedin.com/feed/update/urn:li:activity:7387388733190492161
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Agentic AI and process intelligence are the enablers of the autonomous enter-
prise, the subject of my book ‘AI in Business: Towards the Autonomous Enterprise’’, 
a topic that I have spoken about in my keynotes for years. A vision that is on the 
verge of becoming reality. Together, they enable adaptive processes and 
decision-making, the very essence of true transformation, where organizations 
do not merely work faster, but learn and improve continuously as they operate. 
 
— 
Sarah Burnett, 
Chief Technology Evangelist, KYP.ai

Process intelligence directly solves enterprise transformation’s core challenge. 
Without it, automation teams rush manual analysis, missing exception paths 
that cause production failures and costly rework. Tools like KYP.ai cut analysis to 
days, capture full execution variants, and design robust automations. Deliver-
ing better ROI through grounded reality, not guesswork. 
 
— 
Rob Kennedy, 
Senior Director Business Development, Capgemini

Agentic AI represents a tectonic shift in work itself. We’ve long called this the 
‘future of work.’ Except now, it’s here. Tech is advancing exponentially while or-
ganizations (and their people) adapt linearly. And it’s compounding, breeding 
anxiety as roles evaporate unpredictably. Academically speaking, it’s a classic 
adoption curve with a human panic multiplier. Practically, ignore it and your 
tech investment meets cultural resistance.  
 
— 
Wojciech Zytkowiak-Wenzel, PHD, 
Head of People, Culture & Marketing, KYP.ai

The world of work is undergoing it’s biggest shift since Excel & Email. But it’s not 
just because of the available technology automating work, it’s the way that 
work will need to be redesigned and understood for these new capabilities to 
be most impactful in the future. As much as AI Agents, and Agentic capabilities 
will complete many of the activities that are completed by people today, the 
way that these activities will be completed needs to be re-thought through. Not 
just for the enterprise, but for society in general. 
 
— 
Wayne Butterfield, 
Partner (AI, Automation & Contact Center Transformation),  
ISG (Information Services Group) 

—
Expert Point of View
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Agentic AI drives enterprise transformation, but requires proactive, enterprise 
grade governance. Process intelligence becomes a strategic necessity, provid-
ing the immutable operational truth needed to architect rigorous guardrails be-
tween existing workflows and agentic actions. This clearly defines and contains 
‘rouge agent’ risk at the source, instilling the confidence required for safe, accel-
erated scaling, ultimately protecting financial stability and stakeholder trust. 
 
— 
Dorota Wójcik, 
Compliance Manager, KYP.ai 

Scaled deployments win because they treat agents as products that mature in 
fast cycles -prioritizing use cases with clear ROI, reusing core components 
across markets, and iterating against time-to-value rather than perfection. As 
expected, agile ways of working are experiencing a renaissance beyond IT be-
cause high-velocity learning is now essential for scaling AI. Organizations stuck 
in pilot mode lack this operational discipline, cycling through demos without 
the infrastructure needed for scale. Process intelligence breaks that cycle.  
 
— 
Michael Kurr, PhD, 
Senior Exec. in Pharma Service Organizations ex. Boehringer Ingelheim, Novartis 

Agents don’t succeed in a vacuum. They need process truth, usually hidden in 
the tacit knowledge of our employees. For years, I’ve seen the same pattern: 
automation is launched with the right intent, but the real benefit only surfaces 
when you run automation like a product business. Process intelligence? It 
doesn’t prescribe what to build. It exposes what actually moves the needl - 
opening eyes and mouths - while our champions track full P&L impact. This isn’t 
the future by the way. It’s what I see every day in enterprise reality.  
 
— 
Felix Haeser, 
Head of Customer Success, KYP.ai 

One of the things we see as a consultancy firm is the resistance on both sides. 
But what many organizations haven’t fronted up to is the fact that they have a 
lot of staff who simply aren’t ready,  who aren’t curious, who are happy pro-
cessing 1,500 invoices. It’s been their job for 30 years. You say to them, ‘You can 
do something else now. You can interrogate a Gen AI model.’ and they’ll just 
look at you blankly. Many aren’t ready for this transition, and I don’t think orga-
nizations have fronted up to what to do with that side of the organization. 
 
— 
Dhrupad Patel, 
Managing Director, Proservartner

—
Expert Point of View
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